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Abstract - Now a day, there is a growth of digital images and
video archives. Some of these are very important from user
point of view. The collection of these digital images may be for
personal use and may be for public use. For searching images
in the database, there is the need of secure, fast and efficient
techniques. Tag-based image search is an effective technique to
find images in the databases and in the social websites. In this
paper a reranking system for image retrieval with the
consideration of images relevance and diversity is proposed.
Reranking of the images have done according to their visual
features and semantic features. Visual features are used for
detecting duplicate images in proposed method. Each user
maintains several images. First sort these images by same
group user ranking system. Users that have higher
contribution to the given query rank higher. Then an
implementation to all-user reranking on the ranked users
image set and only the most relevant image from users image
set is selected. These selected images compose the final
retrieval results. We build an inverted structure for the image
dataset to speed up the searching process.

Keywords : Diversity, feature extraction, relevance, reranking,
tag based images etc

I. INTRODUCTION

The Web has emerged as a rich source of images. Billions
of images and videos are hosted publicly on the web. The
number of digital images over the Web is growing by each
passing day, indexing this image data based on text is
problematic Most image search tools in operation today
depend on keyword meta-tags, where an image or video is
annotated with a limited number of words that are either
provided manually, or else they are taken from the text
occurs nearby in its specific document. Most people find
images on the Web by querying an image search engine.
Google collects images from the Web and tags them with
the words that appear in their area on the crawled HTML
documents and links. Generally systems move towards
image retrieval by analyzing images in terms of visual
properties such as colour and texture.

Tag Based Image Retrieval retrieves images based on the
tags/keywords present in tag-based image search is an
important approach to access the image content on the
websites. However, the existing ranking methods for tag-
based image search frequently return results that are
unrelated or lack of diversity. This paper presents a diverse
relevance ranking scheme which concurrently takes
relevance and diversity into account by checking the content
of images and their associated tags. First, it calcultes the
relevance scores of images for the query term based on
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both visual information of images and semantic information
of associated tags. Then semantic resembelence of social
images are calculated based on their tags. The social tagging
is foreseen as a method to connect the semantic gap in
image analysis. Tag-based search, which returns images
annotated with a specific query tag is a very specific way of
searching or surfing images on social database. This image
search method, to some extent, has reached some success on
exploiting the associated tags for indexing and searching
large-scale web images compared with text-based image
search and content-based image search. The relevance of a
tag given the visual content can be personal for a particular
user, an impartial benchmark is desirable for general-
purpose search and visual content understanding. Tag-based
image search is used in social media than content based
image retrieval and context-and-content based image
retrieval.

In recent years, the re-ranking problem in the tag-based
image retrieval has obtained researchers’ attention. Yhis
paper proposes a social re-ranking algorithm which user
information is firstly introduced into the traditional ranking
method taking the semantics, social clues and visual
information of images. The presentations of this paper can
be described as follows:

a. A tag-based image search approach with social re-
ranking. used the visual information, social user’s
information and image view times to increase the
diversity performance of the search result.

b. Inter user ranking is applied to rank users images
according to the given query. With this ranking the
system get the good trade-off between the diversity
and relevance performance which also effectively
eliminate the similar images from the same user in a
ranked result.

c. Title and time stamp ranking in which the desired
output will get on the basis of title information
andthe recent time stamp which boost the diversity
performance of image ranking system.

d. The view of an image in social media community is
an important feature which indicates the click count
of this image. The number of click count has been
utilized to improve the relevance performance of the
image retrieval results.



Tag Processing Strategy

It has been long acknowledged that tag ranking and
refinement play an important role in the re-ranking of tag-
based image retrieval, for they lay a firm foundation on the
development of re-ranking in tag based image retrieval
(TBIR).

Relevance Ranking Approach

To directly rank the raw photos without undergoing any
intermediate tag processing.Content-Based image retrieval
uses multiple image descriptors related to colour and texture
from the images and, the application returns a set of images
that are more relevant to the users' query, and rank the
images. It displays the most similar images on screen, after
which the user give feedback about the relevancy of the
returned images to the application. In the era of Internet,
web search has become integrated part of peoples life for
any kind of information. Along with the text based search,
image based search and image search is gaining popularity.
Search engines like Google and Bing now a day provide
dedicated image search options. One of the problems of
these search options is that the images are searched mainly
based on the associated textual tags and with a very limited
image based features, where image search using popular
web engines return inappropriate results. To address this
problem, a novel search algorithm for the images available
in the web is proposed. Web-based image search are
become necessary in human life for many activates for
preparing Presentation, Project Report, Quiz preparation,
Web Design etc. There are two ways in general to receive
an Image, the first one is based on the tags which are related
/ posted with the image and another one is Content Based
Image retrieval where user has to give a input image and the
input image visual features are extracted and compared with
visual features of Database images then the images which
are having similar features are retrieved and displayed to the
user. Many of the researches are accepted by using the Web
Image Re-Ranking but it gives some difficulties to retrieve
the requested images from the Web, then the problem is
defined in the problem statement. Image Search faces two
problems most of the time required images are not displayed
in search result and while using a CBIR technique it
consume more time to produce the result .There are many
image portals like flicker[15], shutter stock, iPhotostock,
etc. in a day thousands of images are uploaded and keep
increasing. These portals need a powerful Image Search
Engine otherwise the user will lose their interest in image
searching.

Il. RELATED WORK

TARerank, to refine text-based image search results. This
paper shows a reranking model by optimizing a criterion
related to reranking performance in terms of both relevance
and diversity in one stage simultaneously. NCTC is
proposed to quantify the hierarchical TC. Compared with
the two-step optimization in other diversified reranking
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methods, TARerank can achieve the joint optimum of
improving relevance and diversity [1].An embedding
method, FAemb, can be seen as the generalization of several
well-known embedding methods such as VLAD, TLCC,
and VLAT in order to speed up the embedding process. in
image search context[2].A novel image search re-ranking
approach, named spectral clustering re-ranking with click-
based similarity and typicality (SCCST) is a re-ranking
scheme. Click information is fully adopted to guide the
image similarity learning and image typicality learning.
With the detection of click-based triplets a novel image
similarity measurement, named click-based multi-feature
similarity learning (CMSL), which integrates multiple
kernel learning into metric learning to learn similarity
measure for each feature in a unified space. The final re-
rank list is obtained by calculating clusters typicality and
within-clusters image typicality in descending order[3].The
HRPP algorithm transforms the original visual features
space into an intrinsically low-dimensional space by
preserving the manifold structure and relevance relationship
among the images. The H-Rank algorithm sorts the images
with their distances to the hyper sphere centre [4].The fine-
grained image search incorporates semantic attributes into
the inverted index, leading to an efficient search engine
which produces promising search results in large-scale
experiments [5]. A semi supervised Hashing approach via
kernel hyper plane learning for scalable image search is
analyzed. In this method a combination of MKL with fuse
multiple types of features for generating better hashing
codes is used. Each hashing function is updated
independently in each iteration. Moreover, this method is
also applicable for video retrieval by using the video key
frames as the input[6].A novel codebook-free image search
algorithm, a scalable cascaded hashing scheme for local
feature quantization which first ensures the matching recall
rate, followed by a verification step using compact binary
signatures to remove false positive matches. Therefore, this
method achieves a balanced recall and precision for the
feature matching. This algorithm is a good fit to mobile
phone based image search [7]. Spatial context information
with a binary code is the multimode property to improve the
retrieval  performance  [8].Leverage click  session
information and image visual information to understand
user image-search goals [9].iLike, a vertical search engine
for apparel shopping is used to integrate textual and visual
features for better search performance. Representation of
text terms in the visual feature space, and developed a text-
guided weighting scheme for visual features. Such
weighting scheme infers user intention from query terms,
and enhances the visual features that are significant toward
such intention. In some cases, it does not work well for
some keywords .Many of such words have abstract meaning
and are unlikely to be included in queries. To sum up, by
combining textual and visual features, iLike manages to
pick “good” features that reflect users’ perception, and
therefore is effective for vertical search [10].MSIDX is a
promising indexing scheme, which analyzes the image
content according to the value cardinalities that appear on
the dimensions of the respective descriptor vectors. MSIDX
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is capable of performing accurate content-based retrieval in
low search time and handles the dynamic operations of
insertions and deletions in real-time [11].Feasibility and
efficacy of learning query-specific distance functions for
large-scale Web image search. One way to improve query-
specific distance functions is to allow related text-queries to
“share” the learned distance functions. Sharing distance
functions also reduces the number of distance functions that
need to be cached by the retrieval system. .Specific distance
functions can improve ranking accuracy in certain query
categories more than others the ability to automatically
select queries or query categories that are suitable for such
distance functions would be beneficial. One possible
approach is to measure the disagreement between the co-
click statistics and the visual similarity produced by using
un-weighted Euclidean distance, and use such disagreement
as an indication of whether query-specific distance can be
useful[12].Re-ranking can be Made by considering click-
based relevance feedback, by exploring the use of click
through data and the fusion of multiple modalities. After
assigning a specific kernel to each modality, multiple
modalities of images are loaded into the simple MKL
ensembles. Based on a gradient method, a proper
combination of modality weights is learnt adaptively and
query dependently. Performance improvement using click-
based relevance feedback re-ranking approach is observed
in most query types[13]. BoW model and embedding
methods, proposed image search scheme by the issue of
memory usage. The inverted table, whose size is closely
related to the number of local descriptors and the length of
embedding code, cannot be fitted into memory [14].Flickr is
an image hosting and video hosting website and web
services suite that was created by Ludicorp in 2004 and
acquired by Yahoo on March 20, 2005. In addition to being
a popular website for users to share and embed personal
photographs, and effectively anonline community, the
service is widely used by photo researchers and
by bloggersto host images that they embed in blogs
and social media. The Verge reported in March 2013 that
Flickr had a total of 87 million registered members and
more than 3.5 million new images uploaded daily. In
August 2011 the site reported that it was hosting more than
6 billion images and this number continues to grow steadily
according to reporting sources. Photos and videos can be
accessed from Flickr without the need to register an account
but an account must be made in order to upload content onto
the website. Registering an account also allows users to
create a profile page containing photos and videos that the
user has uploaded and also grants the ability to add another
Flickr user as a contact [15]. A tag ranking scheme, aiming
to automatically rank the tags associated with a given image
according to their relevance to the image content. They first
estimate initial relevance scores for the tags based on
probability density estimation, and then perform a random
walk over a tag similarity graph to refine the relevance
scores [16].If different persons label similar images using
the same tags, these tags are likely to reflect objective
aspects of the visual content. Starting from this intuition, a
novel algorithm that scalable and reliably learns tag
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relevance by accumulating votes from visually similar
neighbours. Further, treated as tag frequency, learned tag
relevance is seamlessly embedded into current tag-based
social image retrieval paradigms [17].A relevance-based
ranking scheme for social image search, aiming to
automatically rank images according to their relevance to
the query tag. It integrates both the visual consistency
between images and the semantic correlation between tags
in a unified optimization framework [18]. A diverse
relevance ranking scheme which is able to simultaneously
take relevance and diversity into account. It takes advantage
of both the content of images and their associated tags.
First, it estimates the relevance scores of images with
respect to the query term based on both the visual
information of images and the semantic information of
associated tags. With the relevance scores and the
similarities, the ranking list is generated. [19]

1. EXISTING SYSTEM

User cannot accurately describe their request with single
words and tag proposal system always recommend words
that are highly simultaneous to the existing tag set, thus add
little information to a users’ contribution. Besides,
polysemy and synonyms are the other causes of the query
uncertainty. The existing approaches highly rely on the
visual and semantic information, and thus ignore the social
clues such as user and view information. A fundamental
problem in the re-ranking of the tag-based social image
retrieval solves these problems.

Disadvantages

Nonetheless, the following challenges block the path for the
development of re-ranking technologies in the tag-based
image retrieval.

Tag mismatch.

Social tagging requires all the users in the social network to
label their uploaded images with their own keywords and
share with others.

Image annotation, there is no predefined ontology or
taxonomy in social image tagging.

Every user has their own habit to tag images.

IV. PROPOSED SYSTEM

To achieve relevance score of each image a new iterative
algorithm to obtain the relevance score is proposed.
Discussions about weight selection and image features in
the regularization framework are complement to each
other.In order to find an optimal number of representative
images which are selected from each user’s image set, many
new comparison experiments and comprehensive
discussions are added. Proposed a tag ranking method to
rank the tags of a given image, in which probability density
estimation is used to get the initial relevance scores and a
random walk is proposed to refine these scores over a tag
similarity graph. Proposed to learn the relevance of tags by
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visually weighted neighbour voting, a variant of the popular
baseline neighbour voting algorithm.

Advantages

Tag-based image search is an important method to find
images contributed by social users in such social websites.
However, how to make the top ranked result relevant and
with diversity is challenging. In this paper, we propose a
social re-ranking system for tag-based image retrieval with
the consideration of image’s relevance and diversity. We
aim at re-ranking images according to their visual
information, semantic information and social clues. The
initial results include images contributed by different social
users. Usually each user contributes several images.

Architecture diagrams
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System Architecture

Digital image processing is used to perform image
processing on digital images. Feature is a remarkable part of
an image. Feature detection is a image processing operation.
Feature extraction is a special form of dimensionality
reduction and transforming the input data into the data set of
features. An image retrieval system is a system used for
browsing, searching and retrieving images from a digital
image database. Most traditional and common methods of
image retrieval utilize the method of adding metadata such
as captioning, keywords, or descriptions to the images. The
image retrieval systems used in this paper is Tag Based
Image Retrieval. The process of design implemented with
the system architecture view comprises of the parts of the
project work that encapsulates all modules ranging from
module to module communication, setting initialization and
system

| Online | | |
Users .
| » Search in same group |
| User-1 |
Image Search y | User-2 |
................................. Search in all aroups
.......
| User-n |
| offline
Feature Extraction
DataBase »| Inverted Index i ' i —
: — | Visual Semantic Views
Structure
Features Features

Fig.1 System framework of tag-based image retrieval with social re-ranking.

The discussed system is divided into 4 modules:

Tag-based Image Retrieval: Tag-based image search is an
important method to find images contributed by social users
in social websites. However, how to make the top ranked
result relevant and with diversity is challenging. In this
paper, a social re-ranking system for tag-based image
retrieval with the consideration of image’s relevance and
diversity is proposed. Tag-based image search is more
commonly used in social media than content based image
retrieval and context-and-content based image retrieval.

Social Tags (clues):Tag mismatch. Social tagging requires
all the users in the social network to label their uploaded
images with their specific keywords and share with the
details with others. . Every user has his own habit to tag
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images. Even for the same image, tags shared by different
users.

Image search: The tag-based image search can be easily
gathereed by using the tags as query terms. The weakly
relevant tags, noisy tags and duplicated information make
the search result unrelated..a tag-based image search
approach with social re-ranking is proposed in this paper.

Social Re-ranking: An inverted index structure for the social
image dataset was built to fasten the searching process.
This is a social re-ranking method which uses the user
information into the traditional tag-based image retrieval
framework. The algorthims used to implement the proposed
method is
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1. Re-Ranking Algorithm
2. k-Means Clustering Algorithm
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Fig.6 Search in the all group of images

V. CONCLUSION

In this paper, a social re-ranking method for tag-based
image retrieval is proposed. In this social re-ranking
method, all-users re-ranking and same group user re-ranking
are carried out to obtain the results. In order to enhance the
diversity performance, user information is firstly introduced
into the proposed approach . The views of social image are
also considered for a traditional regularization framework
to enhance the relevance performance of retrieved
results. The all-user ranking process only user’s
contribution is considered and the similarity among users is
ignored. The  future work, will be on investigate the
similarity among user groups.
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