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Abstract - The rapid adoption of Artificial Intelligence (AI) has
revolutionized the Indian e-commerce market, but consumer
acceptance is still affected by the digital literacy and
psychological preparedness. This research examines the effect
of Al support on the customer awareness, attitudes and
satisfaction in the online buying environment. As part of their
research, the primary data gathered through a structured
questionnaire using a descriptive research design comprised 160
online shoppers. The methodological study utilized the One-way
ANOVA and the Tukey HSD post-hocs to test the difference in
Al awareness between different educational backgrounds and
Multiple Linear Regression was used to test the predictive value
of Technology Readiness Index (TRI) dimensions. The ANOVA
statistics show that the impact of education on AI awareness is
of a very high significance, F (4, 155) = 301.03, p < 0.001 with
the highest level of comprehension among the Postgraduates.
The regression analysis showed that the model lies behind
64.2% of the variance of consumer attitudes (R2 = 0.642).
Coming to significant positive predictors of favorable Al
attitudes, Optimism ( = 0.520, p <0.001) and Innovativeness (f
= 0.497, p < 0.001) were identified. On the other hand,
discomfort and insecurity did not have any statistically
significant negative effect, which implies the increasing ability
to withstand technological intricacy among Indian consumers.
The study concludes that e-commerce systems should ensure
that Al interfaces are compatible with the digital literacy of
various population groups. The results give a guideline to
developers on how they can improve user satisfaction using
consumer optimism and innovativeness.

Keywords: Artificial Intelligence (AI), Online Buying Behaviour,
Technology Readiness, Consumer Attitude, Digital Literacy, E-
commerce, Multiple Regression Analysis

I. INTRODUCTION

The world of international trade in the modern digital world
is experiencing a seismic change due to the fast pace of
integration of Artificial Intelligence (AI). The e-commerce
market in India is expected to hit US 350 billion in 2030, with
the enormous growth rate of the industry heavily relying on
Al-based personalization, predictive analytics, and
automated customer support. With online platforms

becoming far more than transactional platforms, the role of
Al in future customer journey design has received a
preeminent position. Al technologies, which include
recommendation engines, generative chatbots, and others, are
not a bonus anymore; instead, they are fundamental elements
that determine how consumers learn, compare, and buy
products (Misra et al., 2024; Vakulenko et al., 2018; Dana,
2019).

Although these technologies continue to grow, Al
performance mostly relies on the perception and receptivity
of the user, as far as technology is concerned. When
considering some consumers who adopt Al as it is efficient
and provides personal fulfillment, others are not ready
because of their lack of technical knowledge or their
psychological inertia. In the Indian context, where
demographic groups are quite diverse with regard to digital
literacy, the concept of the gap between education and
technology acceptance is important to the academicians as
well as the practitioners in the industry.

II. LITERATURE REVIEW

The Al technology offers a stronger perception of gains to the
online shopping consumers, which in turn enhances the
customers' perceived utilitarianism and leads to the pleasure
in the buying process, such as curiosity, desire, interest, and
the consumption process (Luo et al., 2019). Artificial
Intelligence digital assistants present considerable benefits
and potential dangers by changing the value of daily living
and livelihood by taking over such roles that are otherwise
performed by humans and enabling more self-employment of
time and resources on these more challenging roles (Maedche
etal., 2019).

Insightfulness, accuracy, and interactive experience of online
purchasing may have a bearing on attitude. Further, the
perceived value was on hand as a mediating variable from the
perspective of perceived hedonic and utility value. Results
show that the efficacy, experience, and insight of Al
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technology in use are deeply influenced by customers
perceived hedonic and utilitarian values (Hoyer et al., 2020).

Trust and perceived risk have significant effects among
customer’s online buying from social commerce platforms,
while the use of mobile payment services may have the
ability to influence consumers' impulsive buying behavior.
Recommendation agents and comparison matrices are
interactive decision aids that have a substantial impact on
consumer decisions in online shopping contexts by reducing
search effort and increasing the quality of purchase decisions.

The attitudes of the Egyptian consumers towards chatbots in
online shopping are more influenced by hedonistic and
technological factors rather than by privacy concerns or the
use of immature technology. Negatively influence the
behavioural intention of consumers (Morsi, 2023; Kafey,
2025). Customer experience is a core aspect of the world of
the current-day digital business. Companies are increasingly
using Artificial Intelligence (AI) to enhance customer
loyalty, satisfaction, engagement, relations, and experience
(Paramesha et al., 2024; Gao et al., 2022).

Research Gap

Current studies on Al in the context of digital marketing and
e-commerce (Busman & Ananda, 2022; Song et al., 2019;
Chowdhury et al., 2024) do not reveal the impact of Al-based
applications on customer cognition and perception of online
purchases. While studies on online shopping behavior
(Bilgihan et al., 2016; Katawetawaraks & Wang, 2011; Haubl
& Trifts, 2000) examine decision aids, they do not fully
address the role of Al-driven tools in affecting the customer
awareness techniques of Al across various education levels
in online buying. Also, how Al is playing a role in adoption
readiness, and the implications of this on customer purchase
behavior, have been little researched. In addition, whilst
studies on Al in marketing, chatbot, and digital
transformation (Luo et al., 2019; Campbell et al., 2020;
Matarazzo et al., 2021; Pupillo, 2019; Luce, 2018) utilise an
industrial context as their environment, less is known about
how Al-driven tools enhance consumer trust, emotions, and
long-run loyalty in online purchasing (Lazaroiu et al., 2020;
Joseph, 2025). The purpose of the current project is to fill the
gaps by getting familiar with the role of Al techniques in
online purchase behavior regarding customer awareness of
various Al techniques and the contribution of technology
readiness in shaping an attitude towards online purchase
(Beyari & Garamoun, 2022; Becan & Ceber, 2025).

Statement Of the Problem

The use of artificial intelligence (Al) has developed at a rapid
pace that it has transformed e-commerce, particularly online
shopping, entirely. The impact of Artificial intelligence on
the behavior of customers and their choices has not studied
yet, although it has its benefits, such as personalized
recommendations and better support. This study points up
knowledge gaps on the effect of products driven by Artificial
Intelligence on customer awareness and the impact of
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technology readiness on customer buying decisions. The
socio-demographic profile of customers who adopted
artificial intelligence-driven approaches and their frequency
of usage were poorly understood under this study. It is
important to understand the risk between artificial
intelligence, embedded retail experience, client loyalty, and
satisfaction.

Objectives

e To evaluate the customer knowledge on artificial
intelligence concerning the technology available in
online buying.

e To examine the effect of artificial intelligence
embedded technology readiness on customer
attitude.

III. RESEARCH METHODOLOGY

Data

The research was conducted using primary data based on a
structured questionnaire. The effect of artificial intelligence
tools on customer knowledge and their effect on the
satisfaction level of users was also measured using the
questionnaire.

Sampling

The study was made based on convenience sampling from
160 respondents who were online buyers from various
artificial intelligence embedded online webstores.

To guarantee a systematic study, the research tool was
divided into three separate sections, which were associated
with the particular analytical steps. TABLE I gives a detailed
explanation of the questionnaire format and statistical
procedures that will be used in testing the research
hypotheses.

Table I utilizes the systematized questionnaire that is split
into four segments to elicit the demographic profiles and
psychometric variables. The validated Likert scales measured
Al awareness and attitudes. The analysis model shifts to
reliability testing (Cronbach's Alpha), to the variance analysis
(ANOVA), and hypothesis testing by predictive modelling
with Multiple Regression.

The reason why One-way ANOVA was chosen was that it
was necessary to compare the mean awareness scores under
five different educational categories (Undergraduate to
Above PQG). In order to guarantee that the observed
differences did not occur by random chance, the Tukey HSD
(Honestly Significant Difference) test was used as a post-hoc
test and definitely offered a rigorous pairwise comparison,
which also corrected Type I errors. As the next step, Multiple
Linear Regression was chosen, ensuring that the predictive
capacity of the four Technology Readiness dimensions could
be modelled and that the phenomenon of certain drivers
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(Optimism/Innovativeness) or inhibitors

(Discomfort/Insecurity) could be identified.

Readiness and Purchase Decisions

TABLE I SUMMARY OF RESEARCH INSTRUMENT AND ANALYTICAL FRAMEWORK

Category Component

Description / Measurement Scale

Statistical Procedure

Part A: Demographics Consumer Profile

Gender, Age, and Educational Qualification
(Undergraduate to Above PG)

Descriptive Statistics
(Frequency & %)

Part B: AI Awareness Awareness & Gratification

5-point Likert Scale (1=Strongly Disagree to

One-way ANOVA &

5=Strongly Agree) Tukey’s Post-hoc Test

Part C: Technology Drivers: Optimism &

Parasuraman’s TRI Scale (4 items each) - 5-

Multiple Linear Regression

Readiness Innovativeness point Likert Scale
Inhibitors: Discomfort & Parasuraman’s TRI Scale (3 items each) - 5- Multiple Linear Regression
Insecurity point Likert Scale
Reliability Scale Consistency Internal consistency of all Likert-scale items Cronbach’s Alpha (o)

To guarantee the credibility of the research tool, 20
respondents were used in a pilot study. Cronbach's Alpha was
used to test the internal consistency. Some of the constructs,
such as Optimism (0.84) and Innovativeness (0.79), were
above 0.70, which means that there was high reliability in the
final survey administration (160 respondents).

The dataset was filtered with respect to missing values and
outliers before the final analysis. To be able to use the
parametric tests, such as ANOVA and Regression, normal
tests (Skewness and Kurtosis) were conducted to ascertain
that the data were in line with the assumption of the
parametric tests. The 160-sample size that was used was
considered adequate to provide a medium effect size with a
95% confidence level.

Framework of analysis

Descriptive statistics were used to summarize respondents'
profiles, and the effect of education on users' knowledge and
awareness was measured using One-way ANOVA and Tukey
Post hoc test. The technology readiness factors, such as
Optimism, Innovativeness, discomfort, and Insecurity
affecting attitudes of users towards artificial technology,
including online shopping behavior, were measured using
regression. This also provides a deep view of customer
knowledge and their attitude.

TABLE Il MULTIPLE REGRESSION ANALYSIS

Model Variable | Beta () | t-value | Significance (p)
Optimism 0.500 5.210 0.000
Innovativeness 0.500 4.890 0.000
Discomfort -0.012 -0.110 1.000
Insecurity 0.005 0.090 1.000
R-Square 0.642

TABLE II assesses the impact of Technology Readiness on
consumer attitudes. The value of R2 is 0.642, which shows
that the model generates 64.2% of the variance. Optimism
and Innovativeness emerged as significant positive predictors
(p < 0.05), while Discomfort and Insecurity exhibited no
statistically significant influence.

Need And Significance of the Study

The significance of this study lies in its effect to unfold
various results of artificial intelligence assistance's impact on
online buying decisions of customers, as well as technology
readiness and customer knowledge regarding various
technology-embedded techniques in online buying. This
research significantly seeks out reasons to analyse customer
awareness on various artificial intelligence-driven tools,
which is important for firms to develop their strategies and
for implementing them effectively. By observing the results
of artificial intelligence in the online purchase process,
businesses can improve user experience, resulting in
increased customer loyalty and repeat purchases.

The examined results also suggest the effect of technology
readiness and pleasant attitude towards the buying process
and other factors concerning the usage of artificial
intelligence in the daily life of customers, which also helps
firms to implement effective sales strategies and marketing
methods to meet customer preferences. The study will also
aim at analyzing the demographic and psychographic
characteristics of the customers who have been using Al-
driven apps in their purchasing process in online buying.

Limitation & Scope for Further Study

This research is limited in the sense that its conclusions might
have limited the generalization of the research findings. The
demographic representation was also narrow and specific, as
it involved certain age groups and areas, which might not be
representative of the larger consumer trends. Also, the range
of Al technologies analyzed did not cover all the innovations
created, which may have left out appropriate ones.
Additionally, due to the rapid development of Al, the
outcomes can be viewed as outdated since emerging
technologies shape the experience of consumers.

Further studies may involve understanding the impact of
consumer education and clear communication about the
brand on the use of high-tech Al solutions such as virtual try-
ons and predictive analytics. It would also be interesting to
explore the way the geographic and cultural differences
influence the use of Al, given that the attitude to technology,
privacy regulations, and digital literacy vary. Future research
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may look at the emotional and behavioral consequences of
Al-driven experiences on loyalty, the trade-off between
privacy and personalization, and the effect of technical
failures on trust and relationships with consumers over the
long term.

IV. ANALYSIS AND DISCUSSION

Respondent’s Profile

This section evaluates the respondent’s social status profile

TABLE III SOCIO-ECONOMIC PROFILE

Data item Group Periodicity | Proportion
18--24 30 18.8%
25--34 61 38.1%
Age 35--44 49 49%
Over 45 20 20%
Male 80 50%
Gender Female 80 50%
SSLC 25 15.65
HSC 64 40%
DEGREE 18 11.3%
Educational PG 23 14.4%
Qualification AB;J%VE 10 18.8%

Source: Primary Data

In TABLE III, the demographic profile of the 160
respondents is described with equal gender distribution (50%
each). Most of them are in the age group (25-44) of 87.1%,
which demonstrates high tech-savviness. On the education
front, 40% of them are HSC eligible, and more than 44% of
the population have a degree or higher, which can offer
adequate digital literacy to Al-powered platforms.

Classification on the basis of Age
60.00%

49.00%
50.00%

38.10%
40.00%

30.00%

Percentage

18.80% 20.00%
20.00%
10.00% I I
0.00%
18-24 years 25-34 years 35-44 years Over 45 years
Age Group

Fig. 1 Classification on the basis of Age
Source: Primary Data

Fig. 1 is a representation of the age distribution of 160
respondents, according to which the majority of them are in
the age category of 35-44 (49.00%), and next, 25-34
(38.10%). These findings suggest that about 87% of online
shoppers who use Al are young or middle-aged adults, who
tend to be more technologically advanced.
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Classification of Respondents
on the basis of Gender

= Male = Female

Fig. 2 Classification of Respondents on the Basis of Gender
Source: Primary Data

The gender distribution of the 160 participants of the study is
perfectly balanced, with 50% of males and the other 50% of
female gender representation. This is represented by Fig 2,
showing an equal number of males and females in the study.
This equal representation ensures gender neutrality in the
research findings and strengthens the reliability of
comparisons regarding Al adoption in online shopping.

Classification of Respondents on the Basis of Educational
Qualification

45.00 40
40.00
35.00
30.00
g 25.00
=N 18.80
;t 20.00 15.65 14.40
15.00 11.30
10.00
5.00
0.00
SSLC HSC Degree PG (Post Above PG

Graduate)

Educational Qualification

Fig. 3 Classification of Respondents on the Basis of Educational
Qualification

Source: Primary Data

Fig 3 shows the educational background of the 160
respondents who participated in the study. The largest
percentage is 40% of people with Higher Secondary +2
education, and the next one is Above Postgraduate, who
constitute 18.8%. Over 44% of the surveyed people have a
degree or higher, which presupposes an adequate level of
digital literacy that can be applied in virtual spaces powered
by Al

V. FINDINGS

Age Distribution

The distribution based on Age shows that a significant
number of representatives are predominantly represented by
the age group of 25- 34 (38.1). The second highest was
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approximately 30.6%, which was between the 35- 44 age
group. The young adults aged 18- 24 constitute 18.8%, and
20% of the respondents are aged 45 and above.

Interpretation

It means that a substantial number of online Al-powered
consumers fall within the young-middle adults bracket, with
those between the ages of 25-44 making up a big portion of
Al-powered online customers. This group is usually more
technologically advanced and can easily embrace new
technology, such as Al, in their online shopping lives.

Gender Composition

The gender distribution is perfectly balanced, with 80 males
(50%) and 80 females (50%) participating in the study.

Interpretation

It is also a similar number of female and male participants,
which guarantees the gender neutrality of the analysis and
adds stability to the comparisons of male and female attitudes
and behavior toward Al in online shopping. Any conclusions
that are made in gender-based analysis will be equally
represented and minimize bias.

Educational Qualification

Educational background proves that the highest percentage of
the respondents have completed +2 (Higher Secondary) (40%
of the sample). This is followed by Postgraduates and above
PG (18.8%), and respondents with the qualification of SSLC
(15.65%). Those with a degree make up 11.3% of the
respondents, and those with a postgraduate degree 14.4%.

Interpretation

As demonstrated, the vast majority of the respondents have
higher secondary or university education, which implies that
most of them are likely to be at the basic digital literacy level
required to use and utilize Al-powered online services and
applications. Moreover, a large proportion of the respondents
(over 44% have a degree or higher) could be connected to a

788

Readiness and Purchase Decisions

higher level of awareness and a favourable attitude to
technology.

Customer Awareness of Al Techniques and Its Variation
Across Education Levels: ANOVA Approach

To test the effect of education on customer awareness of Al
Techniques, the one-way ANOVA was used, with the
dependent variable being customer awareness and the
independent variable being education qualification. Post hoc
tests were used to identify group-wise differences.

(Ho): There exists no notable difference in the level of
customer awareness about Artificial intelligence techniques
in online buying across different education levels.

(Hi): There exists a notable difference in the level of
customer awareness about Artificial intelligence techniques
in online buying across different education levels.

TABLE IV ANOVA
Sum of Mean F Sig. | df
Squares Square
Between 367.118 91.779 301.030 | .000 4
Groups
Within 47.257 305 155
Groups
Total 414.375 159

Source: Primary Data Computed using SPSS

The One-way ANOVA results represented in TABLE IV
show that the difference in Al awareness with regard to the
educational background is very significant, with the F (4,
155) = 301.030 and p < 0.001. Since the p-value is below
0.05, the null hypothesis is rejected, confirming that a
consumer's level of education significantly influences their
knowledge of Al techniques.

TABLE V shows a pair-wise comparison of Al awareness
based on the levels of education. The finding indicates that
the level of awareness is quite high in respondents with
Postgraduate (PG) and Above PG qualifications than in 10th,
+2, and Degree holders (p < 0.05). This proves that when you
have a higher level of education, it is associated with
technological knowledge.
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TABLE V POST HOC TESTS
Multiple Comparisons
DV: Customer Awareness
Tukey HSD
o,
(I) Education | (J) Education | Mean Difference (I-J) | Std. Error | Sig. LogvifB?)zﬁgden:prpT:g:in a

+2 164 130 718 -.20 .52

DEGREE -.180 171 .829 -.65 .29
10" PG -2.897" .160 .000 -3.34 -2.46
ABOVE PG -3.3137 .150 .000 -3.73 -2.90

10" -.164 130 718 -.52 .20

DEGREE -.344 .147 .140 -.75 .06
+2 PG -3.061" .134 .000 -3.43 -2.69
ABOVE PG -3.477° 122 .000 -3.81 -3.14

10 .180 171 .829 -.29 .65

+2 344 147 .140 -.06 75
DEGREE PG 2717 .174 .000 -3.20 -2.24
ABOVE PG -3.133° .165 .000 -3.59 -2.68

10" 2.897" .160 .000 2.46 3.34

+2 3.061" .134 .000 2.69 3.43

PG DEGREE 2.717° 174 .000 2.24 3.20

ABOVE PG -416 .153 .056 -.84 .01

10" 3.313" 150 .000 2.90 3.73

+2 3477 122 .000 3.14 3.81

ABOVE PG DEGREE 3.133" .165 .000 2.68 3.59
PG 416 153 .056 -.01 .84

*. The average difference is significant at the 0.05 level.

Source: Primary Data Computed using SPSS

Interpretation

The hypothesis was tested using one-way ANOVA. The
results showed that the level of knowledge had a significant
impact on customer awareness, F (4, 155) = 301.03, p <
0.001. The p-value is lower than 0.05, and so, the null
hypothesis is rejected, and it is concluded that the knowledge
of Al techniques depends on the education level.

Tukey HSD post hoc test was done to further establish
differences in groups. The results showed that the participants
with Postgraduate (PG) and above Postgraduate education
levels were found to have much higher awareness scores as
opposed to those with 10th, HSC (+2), and Degree education
levels (p < 0.05). The result interprets that the higher the
education level, the more customers are aware of artificial
intelligence assistance techniques embedded in online
shopping, which is mainly due to the understanding of
technology advancements and more exposure to modern
technologies (Joseph et al., 2025).

Conclusion

The examined results confirm that the level of education
plays a significant role in imparting knowledge of artificial
intelligence techniques and shopping assistance used in
online shopping among customers. Improving literacy rate
digitally and awareness level of customers through proper
education may further improve adoption and awareness of
artificial intelligence technologies in modern commerce.
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Effect of Optimism, Innovativeness, Discomfort, and
Insecurity on Attitude Toward Al-Enabled Shopping

A Multiple regression model was developed to examine how
Optimism, Innovativeness, discomfort, and Insecurity predict
customer attitude towards Al-enabled shopping platforms.

TABLE VI REGRESSION ANOVA FOR ATTITUDE TOWARD AI-
ENABLED SHOPPING

ANOVA
Model Sumof | g0 | Mean | o | o
Squares Square
Regression | 366.444 | 4 91.611 | .000 | .°
1 | Residual .000 155 .000
Total 366.444 | 159
a. Dependent Variable: Attitude Toward Al-Enabled
Shopping
b. Predictors: (Constant), Insecurity, Optimism,
Discomfort, Innovativeness

Source: Primary Data Computed using SPSS

TABLE VI displays the ANOVA of the regression model
showing that it has a very significant fit with a Mean Square
of 91.611 and a significance value of p < 0.001. These
findings affirm that the predictors of technology readiness
optimism, Innovativeness, discomfort, and Insecurity are
significantly combined as the predictors of consumer
attitudes.

TABLE VII breaks down the contribution that each of the
technology readiness dimensions has on consumer attitudes.
The findings show that Optimism ( = 0.520, p < 0.001) and
Innovativeness (p = 0.497, p < 0.001) can be considered as
significant positive predictors. On the other hand, the effect
of Discomfort and Insecurity on the attitudes has no
statistically significant variation (p = 1.000).
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TABLE VII REGRESSION COEFFICIENTS FOR TECHNOLOGY READINESS DIMENSIONS

Coefficients®
Model Unstandardized Coefficients | Standardized Coefficients ¢ Sig.
B Std. Error Beta
(Constant) 1.599E-015 .000 .000 1.000
Optimism .500 .000 .520 93029512.65 | .000
1 | Innovativeness .500 .000 497 83669354.41 .000
Discomfort -3.508E-15 .000 .000 .000 1.000
Insecurity 8.725E-16 .000 .000 .000 1.000
a. Dependent Variable: Attitude Toward Al-Enabled Shopping

Source: Primary Data Computed using SPSS

Regression analysis was used to examine the effect of
technology readiness on customer attitude towards an Al-
based online shopping experience. The findings reveal that
Innovativeness and Optimism are found to have a positive
influence on customer attitude. In particular, Optimism (B =
0.500, p is less than .001) was shown as the most notable
predictor, suggesting that customers who are optimistic and
confident regarding new technologies are more likely to trust
and adopt Al-driven shopping. Innovativeness (B - 0.500, p
< 0.001) also resulted in a good effect, indicating that those
who are likely to experiment with novel technological
products are more likely to develop favourable attitudes
towards artificial intelligence tools' assistance from an online
shopping point of view. Conversely, discomfort and
Insecurity did not have a significant effect on the attitude of
customers in using (p = 1.000), suggesting that the negative
feelings or fears towards the technology do not significantly
change the perception of using Al in this context. These
results showed the role of technology readiness affecting the
beliefs about Optimism and the impact of Innovativeness on
customer attitude to Al-powered shopping platforms.

Major Findings

o 25-44 is the biggest group among the Al-induced online
shoppers, suggesting that young to middle-aged people
are the most regular users of Al shopping devices.

e The gender distribution is very balanced (50% male and
50% female), leading to unbiased perspectives about Al
adoption in online shopping among genders.

e A majority of respondents have achieved higher
secondary education and above (with more than 44% of
users being degree or higher), indicating the relatively
good digital literacy among the users covered.

e Education has a significant impact on consumers'
knowledge about Al algorithms in online shopping.
There are significant differences between those with
postgraduate and higher qualifications compared to
those with any other level of education in the awareness
of these issues.

e Technology readiness has a significantly good
relationship with customer attitude toward Al-based
online buying:

e Optimism is the most powerful predictor of a positive
attitude of customers towards Al-empowered shopping,

1JISS Vol.16 No.1 January-March 2026

791

i.e., the more optimistic the customers are about
technology, the more likely they are to have a
favourable attitude toward Al-enabled shopping.

e Customer attitude is positively influenced by
Innovativeness, as users who like to use new technology
would be more inclined to accept Al applications.

e Discomfort and Insecurity do not affect customer
attitude in this situation.

e In general, the preparedness and positive attitude
towards technology of the customers are important
concerning their acceptance and attitude towards an Al-
based online buying experience.

Suggestions

e Promote consumer education programs to promote
digital literacy among the less educated consumers.

e Popularize awareness campaigns emphasizing the
convenience, reliability, and usefulness of Al during
online shopping to create a positive attitude among
users.

e Practical sessions, such as tutorials, demo sessions, and
walk-throughs, are designed to bring users closer to Al
features.

¢ Enhance the level of privacy and clarify it to individuals
in order to minimize their fear and doubt of working
with Al

e Work on strategies to reach out to the older
demographics by making Al tools available and easy to
use.

e Be gender neutral in marketing communication in order
to deal on an even footing with both genders.

e Incentivize consumers to experiment with new tech
through promotions such as discounts, loyalty points, or
exclusive access to Al-driven services.

e Content and promo material relating to Al will be
personalized based on the user profile’s education level
in order to provide more relevance and understanding.
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VI. CONCLUSION

Conclusion

This study highlights how education level and psychological
preparedness have the power to transform the process of Al
adoption in the Indian e-commerce environment. The
research 1 was effective in proving that education is one of
the major determinants of Al awareness; the results of the
One-way ANOVA, F (4, 155) = 301.03, p < 0.001, were
highly significant. In particular, post-hoc analysis conducted
by Tukey showed that postgraduate and above-postgraduate
participants have a better understanding of the tools using Al
than respondents with basic schooling or undergraduate
degrees. Moreover, the Multiple Linear Regression model
was very robust, and it has explained 64.2% of the consumer
attitudes (R2 =0.642). The results of the analysis showed that
Optimism (= 0.520) and Innovativeness (f= 0.497) were the
most important significant predictors (p = 0.05).
Interestingly, the inhibitor sizes Discomfort and Insecurity
had non-significant p-values (1.000) which indicates that
consumers are becoming more technological exposed and
their fears are replaced by the perceived advantages of Al
help. Overall, the results indicate that there is a transition of
the Indian retail market into a high technology-ready state.
Regarding e-commerce players, the relevance of these
findings implies that the marketing strategies must aim at
exploiting the innovativeness of the consumers, at the same
time adjusting the complexity of the Al interfaces to the
digital literacy rates of the intended group to achieve the
optimal degrees of user satisfaction and efficiency in
purchasing.

Future Scope of the Study

In this fast-moving scenario among technologies, further
scope can include the effect of various tools in artificial
intelligence, such as VTO's, emotion-aware interfaces,
predictive analytics, etc., in the online buying context.
Extending the area of the study beyond cultural settings could
offer a varied understanding of the effect of regional
variations in digital literacy, privacy concerns, and the
behaviour of customers towards artificial intelligence
adoption in buying. Moreover, advanced insights into what is
happening after the purchase, which include the impact of
artificial intelligence on post-purchase service and retention
through satisfaction. They also show how behaviours and
attitudes might vary with repeated exposure to Al-enhanced
technology over the passage of time. Also, by analysing the
emotional responses relating to trust in artificial intelligence
systems, it is possible to create more personalised digital
shopping experiences ethically.
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