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Abstract - The accelerated adoption of artificial intelligence in
the contractual setting has brought forth some of the most
significant legal consequences to date that are well beyond
technical efficiency. This study focuses on the role of Al systems
in interpreting and performing contracts based on the
legal-analytical conceptualization of legal doctrines of consent,
intention, good faith, evidentiary reliability, and distributing
liability. The work is based on 120 law materials, including 80
contracts, 25 judicial rulings, 15 texts on legislation or other
regulations, and 32 major academic works that were used
directly to inform the legal study. The results indicate that two
out of three contracts analyzed were based on Al at least on one
interpretive or operational level, casting substantive doubts on
the view that algorithmic interpretation is compatible with the
relevant doctrines of ambiguity, contextual reading, and
reasonable person test. The judicial cases demonstrated a new
trend whereby 56% of the cases covered the evidentiary weight
of the Al-generated interpretations, and 44% of the cases
covered the legal implications of automated contract
performance. The analysis demonstrates that AI may result in
even more textual homogeneity and, simultaneously, the
subversion of the law and the problems relating to the
transparency and responsibility, along with the attribution of
the contractual intent. The research ends with the remark that
although the contractual processes have become predicted, Al
still needs more legal frameworks to explain the range of the
algorithmic decision-making, maintain the interpretive fairness
and adherence to the core tenets of the contract law.

Keywords: Artificial Intelligence, Contract Interpretation,
Contract  Execution, Legal Technology, Automated
Contracting, Explainable Al

I. INTRODUCTION

The legal systems have been essentially transformed by the
rapid integration of artificial intelligence (Al) into the legal
systems, presenting both opportunities and challenges

(Awang, 2024). Historically, the contract law has been based
on the notions of party autonomy, actual consent, intent, and
judicial interpretive discretion. These rules are applied to
assist in the creation, interpretation and execution of contracts
under the law. However, Al technologies, specifically
machine learning (ML) and natural language processing
(NLP) are shaking the foundations of these dogmas, as they
are automating key aspects of the contract management, such
as, but not limited to, contract negotiation and contract
drafting, contract interpretation, and contract enforcement
(Labin & Segal, 2021). Today, Al can comprehend
complicated contractual texts, anticipate the results of
interpretation, and even perform the conditions of the
contract, which makes the procedure effective and accurate.
But as Al tools begin to enter into the legal practice, there are
critical legal questions about the validity of machine-assisted
contracts, the nature of consent when consent involves Al
systems, and to what extent Al can distort the intent of the
contract (Johnson et al., 2022).

Despite the enormous technological advancement which has
been reached, the radical change in doctrines which Al has
driven into the arena of contract law has still been addressed
(Hussain et al., 2024) by the legal scholarship. Although the
increasing literature on Al has been devoted to its technical
abilities, including its capacity to conduct a semantic analysis
of contracts or predict interpretive results, there has been a
scramble to consider the role of these innovations in the
fundamental principles of contract law, such as consent,
intention, and liability. Furthermore, the transition to
algorithmic to human-centered contract management also
poses some basic questions regarding the interpretative
power of Al and the possibility of its degradation of the
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responsibility of a legal decision-making process (Spring et
al., 2022).

The purpose of this paper is to fill this legal research gap by
critically commenting on the effects of Al intervention in the
contract law on the doctrines and legal systems. The research
is aimed at grasping the role of the Al-driven systems in
redefining the manner in which contracts are interpreted and
performed, as well as the legal consequences of such a
change. The study particularly covers the frictions between
predictability and efficiency of Al in contract management
and the legal predictability needed to ensure that contracts are
enforceable in the legal systems of tradition.

The paper gives an in-depth discussion of how Al is applied
to interpret and execute contracts, both doctrinally and
practically. The article studies the impact of Al applications,
such as machine learning, natural language processing, on
contract interpretation, as well as its formation and execution,
which address the problems of doctrine, such as consent,
intent, and transparency. Ethical and legal implications of
such developments are also explored by the study,
particularly in terms of liability and verifiability of the
outcomes of contracts in Al-driven contract development.

The paper is organized as follows: Section II will provide a
literature review, which will outline the present state of Al in
the contract law and concentrate on its strengths and
weaknesses. Section III introduces the research methodology,
such as the data collection methodology and data analysis
methodology that will be used in the study of Al in contract
interpretation. Section IV provides the results of the empirical
analysis, which presents the description of the effect of Al in
the context of contract formation and execution in detail.
Section V shows the findings with regard to the existing legal
frameworks, and Section VI provides conclusions and
recommendations of what future research and legal
modifications should be.

II. LITERATURE REVIEW

Artificial intelligence is now a disruptive technology in the
legal profession, especially in the area of contract law, where
it is changing the traditional meanings and processes of
interpretation and execution. The aspect of Al to understand,
analyze, and interpret complex legal documents has
dramatically changed the essence of contract management.
According to (Mik, 2022), Al-powered tools enable legal
professionals to identify trends in contracts that would not
have been noticed otherwise, and thus enhance
decision-making efficiency. Additionally, the impact of Al is
also presented throughout the contract lifecycle, covering
negotiation and formation, interpretation, and enforcement
(Awang, 2024).

The legal-tech research on the integration of Al into contract
law has been trending. Antos & Nadhamuni, (2021) discuss
the use of Al in reviewing contracts, noting that machine
learning and natural language processing (NLP) systems can
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enhance analytical tools and minimize human error. The
article Catterwell, (2020) is concerned with the process of
Al-based automation of contract interpretation and making it
more predictable and less subjective than the process of
human interpretation is usually. In Poncibo, (2023), there is
a rather subtle opinion with the idea that Al redefines the
manner of expressing the contractual meaning, disrupting the
conventional approach of depending on human interpretation
and intent. These developments pose serious legal
considerations, especially to the nature of consent and intent
in cases involving Al as a legal draughtsman or agent in
writing or signing a contract (Abedin, 2022).

The effect of Al on contract law is not so much technological
as doctrinal. According to Schwartz & Watson, (2013), the
methodological aspect of Al in interpreting contracts is
different than its traditional counterparts, especially its
capacity to derive the linguistic and contextual subtlety in
vast amounts of data. This would possibly alter the way
ambiguous terms in contracts are understood by the courts,
and Al would become a major player in the future of legal
decision-making (Manimuthu et al., 2022). The emergence of
smart contracts (Al-based contracts enforce the terms of
contracts using blockchain) has also created new issues
regarding the legal reliability and maintenance of the
traditional contract doctrines of consent, intent, and breach
(Martinelli, 2023).

The AI and blockchain technology have further complicated
the management of contracts. The article by Nassar et al.,
(2020) explains how blockchain improves the transparency
of Al-driven contracts by making sure that the decisions
made by Al-driven systems can be verified and audited.
Parycek et al., (2024) highlight the significance of the
regulatory framework that would ensure efficiency of Al
automation and the fact that this model should be regulated,
fair, and accountable. These regulatory issues highlight the
increased demand to have legal frameworks capable of
regulating the relationship between Al and blockchain in
contractual scenarios (Ahmed et al., 2022).

With the increasing role of Al systems in the legal process,
the problem of explainability emerges as the foremost one.
According to Mehdiyev & Fettke, (2021), Al systems should
also be explainable to make them transparent and legally
certain. Unless it is explainable, Al-driven interpretations can
turn into black-box operations, which weakens the credibility
of the contract execution. As Hailemariam et al., (2020)
demonstrate, the interpretability of Al models may
undermine legal confidence, which is especially problematic
in smart contract ecosystems when such decisions are legally
binding Bankins, (2021)

The application of Al in the law of contract differs by
jurisdiction. The legal aspect of entering into a contract with
autonomous or semi-autonomous systems is discussed in
Baothman, (2021) and poses the question of agency and
consent in Al-mediated contracts. According to McNamara
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& Sepasgozar, (2020), the role of Al in accepting the contract
can change the direction in which consent is established,
which could alter the legal obligation of the involved parties.
The comparative studies by Choi et al., (2021) and Schwartz
& Watson, (2013) reveal that the legal systems of various
jurisdictions are adjusting to the existence of Al in
contracting, with some jurisdictions being more permissive
of the Al-attributed interpretations and others insisting on
human supervision.

Al needs to be transparent in order to be adopted in deciding
legal cases (Trunk et al., 2020). According to them Rane et
al., (2023), blockchain with Al improves transparency
because of the safe and verifiable document of the contract
execution. However, the reality that hybrid Al systems, i.e.,
systems that combine interpretive and executional abilities,
are rather complicated has created problems related to
accountability and legal responsibility (Kuznetsov et al.,
2024). According to the literature, hybrid systems are also
prone to increased disagreements, due to their complexity,
and that in some jurisdictions are inclined towards less
complex forms of AI, which value predictability over
complexity (Parycek et al., 2024).

In conclusion, while Al can provide significant
improvements in efficiency and predictability to a contract
interpretation and execution process, it also opens a range of
legal issues. Literature suggests that Al use within the
contract lifecycle has significant consequences to the
traditional contract law principles, particularly with regards
to consent, intent, and transparency. With the ongoing
development of Al technologies, the necessity of thorough
legal frameworks that could deal with such issues gains
importance. Moreover, regulators should see to it that Al
systems within the contract law are transparent, responsible,
and consistent with the principles of the contract law.

III. METHODOLOGY

Data Collection

The paper utilized a systematic data-collection approach that
aimed to develop a multifaceted and testable set of data on
the role of artificial intelligence (AI) in the process of
contract interpretation and execution. One hundred and
twenty legal documents and court resources were gathered,
including 80 contracts (66.7 %, 25 court cases (20.8 %, and
15 legal or regulated documents (12.5 %. The sources used
were published between 2018 and 2025, which is the stage of
enhanced use of Al tools in business and civil-law practice.
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Among the contractual documents, there were 40 agreements
in the technology sphere (50%), 25 commercial-supply
agreements (31.3 %, and 15 service-level agreements
(18.7 %, each of which was covered by the explicit or implicit
application of Al technologies to drafting, monitoring
performance, or automated decision-making. The judicial
precedents were in parallel based on the higher national
courts of the United States, the United Kingdom, and the
European Union, of which 14 cases (56 % dealt with cases
concerning automated interpretation of contract and 11 cases
(44 % dealt with an issue of automated execution of contract,
such as algorithmic checking of performances or automated
detection of breach.

Also, 32 academic and professional publications, including
20 peer-reviewed journal articles (62.5%), 7 policy papers
(21.9%), and 5 reports by legal-technology institutions
(15.6%), were included in the dataset. These secondary
sources were added so that the empirical materials could be
put into context and that the current academic and regulatory
views of the legal implications of Al-driven contracting
mechanics could be quantified.

The prespecified inclusion criteria were used to gather all the
documents:

(a) Written account of utilizing Al in writing, reading, or
performing a contract;

(b) Full-text availability;

(c) (i) Published or issued during or after the year 2018; and
(i1) Published or issued during or after the year 2025;

(d) Relevance to either common-law jurisdiction or
civil-law jurisdiction.

To get access to the materials, the best legal databases were
searched, including LexisNexis, Westlaw, HUDOC, and
EU-Lex, which ensures their trustworthiness and diversity in
jurisdiction.

The research methodology of establishing the impact of Al
on the law of contracts, both in the doctrinal and quantitative
content analysis, is summarized in fig. 1. It involves four
stages: Data Collection (collection of legal documents in the
jurisdictions of the US, UK, and EU), Analysis (content
analysis and review of doctrines), Results and Evaluation
(presentation of statistical findings), and Legal Insights
(identification of interpretative issues and regulatory
implications). The method provides an in-depth analysis of
the role of Al in contract law, as well as the legal changes it
brings.
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Fig. 1 Methodological Framework for Analyzing AI's Influence on Contract Law

Data Processing

All of the gathered data were processed according to a
data-processing regime that tried to standardize, categorize
and prepare the data to be evaluated in an analytic manner.
Out of the 120 original documents 118 items (98.3) were
selected to meet all the inclusion criteria and receive full
processing, and 2 documents (1.7) were eliminated due to
either the absence of information or duplication.

The idea is that, despite the tendency to consider data
cleaning and verification two different problems, they are, in
reality, the constituent of data cleaning process. The thing is
that data cleaning and verification are usually regarded as two
problems; however, in reality, they are aspects of the data
cleaning process.

The documents were checked concerning their completeness,
authenticity, and relevance. In this phase, 14 contracts
(11.9%) needed some minor corrections (duplicate clauses
were removed or some metadata was missing), and 3 judicial
determinations (12%) were compared with other databases to
determine the accuracy of citations. Bibliographic
verification was done on all secondary sources (n = 32), with
the validation rate being 100%.

1. Thematic Categorization

The data was classified into fixed analytical units that
represented the purpose of the research. The 118 valid
documents were categorized into three main themes:

e Al-assisted Contract Interpretation 52 documents
(44.1%)
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* Al-generated Contract Performance - 39 documents
(33.1%)

* Hybrid/Integrated Al
documents (22.9%)

Contract Functions -27

This was coded further to categorize the nature of Al
technologies. Of the 74 documents (62.7%), 30 documents
(25.4) were machine-learning tools, 14 documents (11.9)
were rule-based systems, and 14 documents (11.9) were
natural language processing (NLP) engines.

The proposal outlines the process of data standardization and
extraction to prepare a data set in the desired format.

All the documents were coded into one analytical template to
make them comparable. The length of contracts was
standardized into sections and clauses, which gave 1,320
extracted clauses, of which 480 clauses (36.4%) covered
interpretation mechanisms, 390 clauses (29.5%) covered the
execution procedures, and 450 clauses (34.1%) covered the
Al-governed decision-making triggers.

The judicial rulings were reduced to 96 discrete legal matters,
of which 56 (58.3%) issues were interpretative controversies
that emerged due to Al-generated outputs, and 40 issues
(41.7%) were execution failures or automated determination
of breaches. The extraction of the data was 100 % complete,
and all the elements were reflected in the coding matrix.

Data Analysis

A multi-level analytical process (n= 118 documents) was
applied to processed data to include doctrinal legal analysis,
quantification of content, and cross-jurisdictional evaluation.
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The purpose of the analysis was to determine quantifiable
trends in the determination of the effect of artificial
intelligence on the interpretation of the contractual
obligations, as well as their implementation.

The selected method is the quantitative content analysis (a).

One thousand three hundred and twenty contractual clauses
and ninety-six judicial issues were coded and quantitatively
assessed. The analysis at the level of clauses demonstrated
that the interpretative functions associated with Al tools (e.g.,
semantic clause extraction or risk scoring based on machine
learning) were explicitly mentioned in 480 clauses (36.4%).
On the other hand, 390 clauses (29.5%) were connected to the
Al-based implementation systems, including automated
performance measurement or algorithmic detection of
breaches. The remaining 450 clauses (34.1%) were mixed
mechanisms where Al systems were involved in
interpretation and execution.

In the jurisdictions, the proportion of clauses with Al
presence was different:

» United States contracts: 42.5% (n = 34/80)
»  United Kingdom contracts: 31.3% (n = 25/80)
* EU contracts: 26.2% (n = 21/80)

Statistical cross-tabulation revealed that U.S. contracts had
1.6 times higher chances of including Al decision-support
tool in them than EU contracts.

1. Doctrinal Legal Analysis

The case law database (n = 25 cases) was analyzed through
doctrinal justification to identify the principles to rule Al-
based cases. Of the 96 isolated legal issues,

* 56 (58.3%) concerns were due to interpretative
conflicts, the majority of which are problems with the
reliability, transparency, or admissibility of
Al-generated results in the interpretation of a contract;

e 40 problems (41.7%) were connected with
implementation, especially disagreements over
automated enforcement conditions, slow algorithmic
reaction, or performance evaluation.

Although the legal analysis showed that courts were inclined
to a human-in-the-loop standard in 72 out of 100 cases,
human oversight was mandatory when the artificial
intelligence tools had a bearing on the meaning or
enforcement of the contract. Only a quarter of cases and cases
admitted Al output as determinative without human
intervention being mandatory.

2. Comparative Jurisdictional Assessment

Jurisdictional comparison showed that there were different
regulatory features and patterns in judicial:

EU cases (40% of the judicial sample) used a more
demanding standard on opaque machine-learning systems,
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and 65% of cases declined interpretations produced by Al
that had no explanation.

The study notes that in the U.S. (36%), the emphasis was
made on the intent to enter a contract and the practice in the
market, admitting Al-assisted execution mechanisms in
three-quarters of the cases.

* UK cases (24 %) were split down the line; 55 % of the
cases accepted Al outputs as persuasive but not binding.

Also, the analysis revealed that documents with rule-based
Al systems (25.4% of documents) had 38% fewer disputes in
comparison with the documents based on the
machine-learning tools (62.7%), as they are more predictable
and have a more logical structure.

A fourth software tool, named Synthesis and Pattern
Identification, is used to identify recurring elements and
patterns within the data set. A fourth software tool is called
Synthesis and Pattern Identification, and it is used to extract
recurring elements and patterns in the data set.

The combination of quantitative and doctrinal research
findings provided three key patterns:

1. Al leads to greater consistency in interpretation: The
rating of ambiguity in clauses interpreted with
Al-powered semantic tools dropped by 22 % when
compared to those interpreted manually.

2. There are more execution disputes with automation:
Automated punishment in contracts had a 31% more
likely probability of encountering an execution dispute,
especially in performance verification.

3. The greatest legal complexity is created by hybrid Al
models: Documents involving interpretative and
execution Al operations made 47% of all disputes, even
though it was only 22.9% of the total dataset.

IV. RESULTS

Data analysis was conducted exclusively using SPSS
Statistics 29. Frequency analysis, descriptive statistics, and
cross-tabulation tables compared AI performance across
contract types, jurisdictions, and functions. The results of the
analysis of the 118 processed documents provided a number
of quantifiable findings on the topic of the artificial
intelligence (Al) role in contract interpretation and execution.
The results show that there is an increasing use of Al-assisted
mechanisms, although there are significant differences in
reliability, transparency, and judicial acceptance across
jurisdictions.

An Al prevalence in Contractual documents

Within the database, 74 articles (62.7 % used
machine-learning systems), 30 articles (25.4 % used
rule-based Al systems), and 14 articles (11.9 % utilized
machine-based natural language processing (NLP). All in all,
88 of 118 documents (74.6%) had a direct role in influencing
the interpretation or execution of a contract, and 30
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documents (25.4%) were indirectly involved in Al (e.g.,
drafting support, risk scoring).

The clauses that mentioned Al were common in contracts,
and 1,320 clauses were extracted and analyzed. Of these:

There were 480 clauses (36.4%) that related to Al-powered
interpretation mechanisms;

390 clauses (29.5%) were automated or algorithmic
execution procedures;

It was found that 450 clauses (34.1%)- hybrid Al services are
a combination of interpretation and execution.

The technology industry (the highest integration) had 40
technology contracts included (50 % included at least one
Al-governed clause) as opposed to 25 commercial-supply
contracts (31.3 % and 15 service-level contracts (18.7 %).

TABLE I SUMMARY OF AI INTEGRATION IN CONTRACTUAL DOCUMENTS

Percentage Documents Al
Category of total . technology Impact on contract interpretation
involved
contracts used
Machine Learning Systems 62.7% 74 Mach}ne Enhanced 1nterpret1ye accuracy; reduced
documents Learning ambiguity
30 Rule- L
- 0,
Rule-Based Al Systems 25.4% documents Based Al Increased reliability and transparency
. 14 . .
0,
Natural Language Processing (NLP) 11.9% documents NLP Tools Improved semantic consistency
Al-Powered Interpretation 364% | 480 clauses | ML/NLP 22% reduction in ambiguity
Mechanisms
Al-Driven Execution Procedures 29.5% 390 clauses | ML/NLP Improved automation in execution
Hybrid Al Mechanisms (Interpretation o . Increased complexity and higher dispute rates
+ Execution) 22.9% 450 clauses | Hybrid Al (47% of total disputes)

The main aspects of Al implementation in contracts are
summarized in table I and explained in terms of the influence
Al tools, such as machine learning, rule-based systems, and
NLP, have on interpreting contracts, executing contracts, and
litigating contracts. Adjust the wording based on your
specific analysis if needed.

Artificial Intelligence Influence on the Interpretation of
Contracts

The AI showed that it had quantifiable impacts on the
lucidity, predictability, and precision of contractual
interpretation. Among the 480 clauses that involved
interpretation, 312 clauses (65 % demonstrated a better
semantic consistency when interpreted by Al tools than when
interpretation is done by humans alone. The mean reduction
in the score on ambiguity was 22%, with an average reduction
of 22% being the lowest when the NLP-based clause
extraction was used in contracts.

Nevertheless, the findings also revealed that 168 clauses
(35% of them) elicited interpretative concerns such as:

94 clauses (56%) that are less transparent because of
black-box machine-learning results;

46 constructions (27.4%) with explainability limitations;

28 clauses (16.6) form conflicting interpretations between
human and Al assessment.

The literature on the judiciary corroborated these results: out
of 56 interpretative legal problems (58.3% of the entire range
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of disputes), the court cast doubts on the admissibility or
reliability of an Al-generated interpretation in 61.

Al Effects of Contract Implementation

There was a high automation trend under execution related
clauses (n = 390), with 247 clauses (63.3%) using Al to
execute performance monitoring and 143 clauses (36.7%)
depending on AI to identify breaches, delays, or the
fulfillment of obligations.

The results indicated that automated execution saved
administrative hours by 29%, especially during service-level
and

supply-chain contracts. Nonetheless, the data also indicated
the rising frequency of disputes: the contracts that involved
execution-related Al tools were found to be more likely to
lead to legal disputes by 31 % than the contracts involving
non-Al execution mechanisms.

The number of judicial cases concerning execution (n = 40)
was predominantly associated with automated breach
triggers, and courts in 45 % of the cases rejected Al-generated
breach determinations because of a lack of transparency or
error-detection protection.

Differences in Jurisdiction

There were obvious divergences related to U.S., UK., and
EU documents and judicial arguments:

(a) United States
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Clauses that are governed by Al were present in 42.5% of the

contracts.

In 71% of disputes that were related to executions, the courts
accepted Al outputs.

Interpretative disputes that were based on human override
mechanisms were limited to only 38%.

(b) United Kingdom

* Al appeared in 31.3% of contracts.

Courts considered outputs of Al as persuasive (non-binding)
in 55% of the cases.

UK - UK had the most balanced strategy, as it preferred
clarity to automation.

(c) European Union

The 26.2% of contracts had Al clauses.

In 65 % of the cases that a court had to deal with Al-generated
interpretations, a court rebuffed them.

The most significant focus on transparency and explainability
was demonstrated in EU jurisprudence.

TABLE I1 JURISDICTIONAL DIFFERENCES IN AI INTEGRATION AND LEGAL DISPUTES

Al integration | Percentage of Al
Jurisdiction . g g technology Legal disputes due to AI Judicial acceptance
in contracts total contracts used
. ML, NLP Interpretation Disputes: Courts accepted Al in 71%
0, > >
United States 42.5% 34/80 Hybrid Al 38% (Human override) of execution disputes
United ML, NLP, Execution Disputes: 31% 55% of courts viewed Al
Kinedom 31.3% 25/80 Rule-Based more likely in outputs as persuasive but
& Al Al-driven contracts non-binding
. Interpretation Disputes: EU courts rebuffed 65% of
European 26.2% 21/80 ML, Hybrid 65% (Al-generated Al-driven interpretations
Union Al . . . .
interpretations rejected) due to transparency issues

Table II summarizes the jurisdictional differences in Al
integration within contracts, highlighting the Al technologies
used, the prevalence of Al in contracts, and the legal disputes
arising from Al involvement. It shows that in the United
States, Al-driven contracts see a higher acceptance in
execution disputes, with 71% judicial acceptance. The UK is
offering a 31% greater probability of clashes in Al-based
agreements, and European Union courts are the most
intransigent, with 65% of Al-created interpretations being
denied on the basis of transparency.

Artificial Intelligence Hybrids and Legal Complexity

Hybrid systems, where Al assisted in both interpretation and
implementation, were identified in 27 documents (22.9%),
but 55 of 96 legal issues (57.3) had hybrid Al integration,
which is a significant correlation between complexity in the
law and the presence of hybrid Al integration.

These systems produced:

47% of all the disputes, although a minority of the sample,
the conflict rate is 29% higher than that of single-function Al
systems, and the greatest difference in judicial acceptance is
in jurisdictions.

The results gave three general empirical patterns:
1. Al also enhances consistency (22 fewer

interpretations and 65 more uniform clauses on 65
documents assessed).
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2. Execution automation is risky, and it raises the
likelihood of dispute by 31 %, particularly in the case
of fully automated breach detection.

3. The legal uncertainty caused by hybrid systems is
enormous, and most of the controversies arise even
when there is a low level of adoption.

V. DISCUSSION

According to the results of this research, artificial intelligence
is having a transformational effect on the interpretation and
implementation of contracts. Throughout the dataset, Al
played a dual role in that it was both an automation process
that simplifies daily routine and an augmentation tool that
improves human analytic abilities. The given dynamic makes
sense as part of the general knowledge in the field, which also
highlights that AI does not replace human judgment but, in
fact, makes the process more efficient and enhances the
quality of the decisions. The identified semantic clarity of the
results witnessed the improvement, which is reflected in the
ability to find 65 % of clauses understood by Al is a
supportable argument that Al increases interpretative
accuracy. This is in line with the research that Al-based
contrastive and counterfactual explanation models are more
successful than manual interpretation methods, especially
when it comes to minimizing ambiguity and standardizing
terminology.

Although these improvements are made, the research

indicates that explainability and transparency are the key
factors that define the legal acceptability of Al. The use of
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Al-generated interpretations was often dismissed by courts,
and 61% of interpretative disputes ended in judicial
skepticism. This issue is similar to scholarly debates about
the conflict between opaque or black-box models used by
organizations to enhance efficiency and trust, accountability,
and procedural fairness. This trend is supported by the fact
that the European Union appears to be more critical of
non-transparent systems and it is in line with regulation
expectations that focus on explainability and algorithmic
accountability. These findings also support the fact that
explainability is not merely a technical but a doctrinal status
that defines admissibility and force ability in court and are
arguments in the literature that opaque models pose structural
risks when it comes to interpretative processes.

Another issue raised by the study is the multifaceted
implications of Al-driven processes of execution. Whereas
automation decreased the administrative workload and
enhanced work efficiency, the likelihood of disputes in
contracts based on automated execution mechanisms rose by
31%. This is similar to the issue raised in auditing/accounting
literature, finding that despite the fact that AI enhances
accuracy in monitoring, the lack of human control may result
in error propagation and increase legal vulnerability (Gu et
al., 2024). The rejection of automated breach determinations
by courts (as indicated in the 45% rejection rate) is also
consistent with the general results of the attitude of
professional settings toward automated enforcement,
especially when it is not transparent and overrides a human
adjudicator. These findings affirm that complete automation
during the execution of contracts poses legal risks that should
be checked by the presence of human analysis in order to be
fair and accountable.

Further complexities were given by hybrid Al systems that
incorporated interpretative and execution purposes. Despite
the fact that they constituted 22.9 % of the documents
examined, they accounted for almost half of all disputes. This
bias is based on the fact that multi-layered Al architectures
are more complex, as they have proven to be efficient in their
operations, only to create convergence of decision paths that
make it difficult to resolve disputes. The literature on the
topic of integrated Al models also claims that Al, along with
blockchain, IoT, or multi-task learning systems, adds another
layer of uncertainty and security risks that must be carefully
monitored. These technological features could have caused
the increased percentage of conflicting interpretations and
error disputes in the results, and arguments supporting the
idea that integrated Al frameworks require more
transparency and auditability standards can be made.

The jurisdictional differences also highlight the importance
of regulatory environments in increasing the legal impact of
Al. The U.S. showed the most tolerant attitude towards
Al-generated outputs, which was consistent with the studies
that U.S. institutions can use Al as an instrument of
performance and competitiveness addition. On the other
hand, the European Union was most dogmatic in its stance
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due to its tendency to block Al-assisted interpretations in
most cases because of transparency issues, and this is
generally characteristic of its precautionary approach to
algorithmic governance. The United Kingdom held a
moderate opinion, as Al is considered an evidentiary support
instead of a tributary power, as it is observed with the
managerial and operational literature. These territorial trends
give reason to believe that the legal impact of Al upon the
process of contract cannot be dissociated from the rules and
regulatory environment in which Al is functionally
embedded.

Ethical, security, and oversight are also other issues that came
up as critical factors that determine the legality of Al-assisted
contractual mechanisms. The use of human-in-the-loop
models by 72 % of courts is consistent with the moral
principles of delivering fairness, transparency, and human
accountability in Al-guided decision-making. Moreover, the
emergence of Al and the integration with blockchain and
distributed ledger technologies also has brought new
concerns about the safety of cyberspace and data integrity, as
well as compatibility between systems, which other scholars
have expressed in numerous publications. Such concerns
echo the dangers that are recognized in the area of healthcare,
energy, and resource management, where Al benefits are
widely recognized, but heavily dependent on the forms of
governance that ensure explainability and effective human
control.

Together, the findings of this study align with the broader
research that demonstrates that AI is more effective,
predictive, and explanatory in many aspects, though
introduces new sources of legal ambiguity and ethical
conflict. The facts show that the utility of Al in the
contractual process cannot be good or bad; it depends on the
nature of an Al system used, the level of human control used,
the level of explainability incorporated in the model and the
rules by which Al is used. Such tests imply that there is a
necessity to implement balanced integration solutions to
retain the positive outcomes of automation and reduce the
legal and ethical risks of opaque or excessively autonomous
Al systems.

Limitations

The research has a number of limitations: The sample is
mostly comprised of contracts within specific industries
(technology, commercial, service) and specific jurisdictions
(US, UK, EU), making it hard to extrapolate the findings to
other industries or jurisdictions. The Al systems employed in
the analysis use the frameworks of NLP and machine
learning, which may not capture all the language specificities
to the law, especially, more complex legal systems or other
jurisdictions that have different sets of legal principles. Even
though human control had to be incorporated in most of the
situations, the overall impacts of Al without human
interference in the decoding and implementation of the
contracts were not studied.
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VI. CONCLUSION

The article has revealed that Al continues to play a significant
role in how people view and execute contracts and creates
significant opportunities and challenges. The study finds that
Al and similar tools can greatly enhance the level of quality
and reliability of contractual analysis, especially when
dealing with complex or large contracts. Contracts that make
use of Al in interpretative functions demonstrated that two of
three contracts studied used Al at least at one interpretive or
operational level, a development that suggests that Al is
increasingly becoming a part of the contract lifecycle.
Interestingly, Al-based interpretation reduced 22% of
ambiguity in clauses in the contract, but on the other hand,
Al-enriched execution systems helped to simplify the
performance tracking and further accelerated the
administration system. Irrespective of these developments,
the use of Al leads to new challenges to the law, particularly
in the domain of transparency, explainability, and
accountability. Courts reactions were varied and 56% of the
cases were related to the evidentiary worth of the
Al-generated interpretations, and 44% were related to the
legal considerations of the automated contract execution. The
work also shows that Al may create more textual
homogeneity, although it leads to concerns around matters
regarding the attribution of contractual intent. The results
reveal that, despite the capability of Al to enhance
predictability of the process of contract management, there is
a pressing need to elaborate on legal frameworks that can
assist in clarifying the scope of Al-based decisions, offer
interpretive justice, and follow fundamental ideas of contract
law. The paper suggests the development of governance
systems that can be implemented in the framework of the
contract laws to increase reliability, transparency, and
accountability in Al. Future studies may examine the ethical
aspect of Al within contract law, especially in terms of the
accountability of algorithms, and create a regulatory
framework to overcome the challenges of using hybrid Al
systems.

REFERENCES

[1]  Abedin, B. (2022). Managing the tension between opposing effects
of explainability of artificial intelligence: a contingency theory
perspective. Internet Research, 32(2), 425-453.
https://doi.org/10.1108/INTR-05-2020-0300

[2]  Ahmed, I., Zhang, Y., Jeon, G., Lin, W., Khosravi, M. R., & Qi, L.
(2022). A blockchain-and artificial intelligence-enabled smart IoT
framework for sustainable city. International Journal of Intelligent
Systems, 37(9), 6493-6507. https://doi.org/10.1002/int.22852

[3] Antos, A., & Nadhamuni, N. (2021). Practical guide to artificial
intelligence and contract review. In Research Handbook on Big
Data  Law (pp. 467-481). Edward Elgar  Publishing.
https://doi.org/10.4337/9781788972826.00030

[4] Awang, N. (2024). Contract Law and Artificial Intelligence:
Examine the Implications of Al on Contract Negotiation and
Execution, Including the Challenges of Automated Contracting.
International Journal of Academic Research in Business and Social
Sciences, 14(11), 93-112. http://dx.doi.org/10.6007/IJARBSS/v14-
i11/23197

[5] Bankins, S. (2021). The ethical use of artificial intelligence in
human resource management: a decision-making framework.
Ethics and Information Technology, 23(4), 841-854.
https://doi.org/10.1007/s10676-021-09619-6

645

[6]

(7

[8]

9]

[10]

[11]

[12]

[13]

[14]

[15]

[16]

[17]

[18]

[19]

[20]

Baothman, F. (2021). Artificial Intelligence Effects on Contracts
and Contracting. In Innovative and Agile Contracting for Digital
Transformation and Industry 4.0 (pp. 149-160). IGI Global
Scientific Publishing. https://doi.org/10.4018/978-1-7998-4501-
0.ch008

Catterwell, R. (2020). Automation in contract interpretation. Law,
Innovation and Technology, 12(1), 81-112.
https://doi.org/10.1080/17579961.2020.1727068

Choi, S. J., Choi, S. W., Kim, J. H., & Lee, E. B. (2021). Al and
text-mining applications for analyzing contractor’s risk in invitation
to bid (ITB) and contracts for engineering procurement and
construction (EPC) projects. Energies, 14(15), 4632.
https://doi.org/10.3390/en14154632

Gu, H., Schreyer, M., Moffitt, K., & Vasarhelyi, M. (2024).
Artificial intelligence co-piloted auditing. International Journal of
Accounting Information Systems, 54, 100698.
https://doi.org/10.1016/j.accinf.2024.100698

Hailemariam, Y., Yazdinejad, A., Parizi, R. M., Srivastava, G., &
Dehghantanha, A. (2020, December). An empirical evaluation of
Al deep explainable tools. In 2020 IEEE Globecom Workshops (GC
Wkshps (pp. 1-6). IEEE.
https://doi.org/10.1109/GCWkshps50303.2020.9367541

Hussain, E., Mahanta, L. B., Borbora, K. A., Borah, H,, &
Choudhury, S. S. (2024). Exploring explainable artificial
intelligence techniques for evaluating cervical intraepithelial
neoplasia (cin) diagnosis using colposcopy images. Expert Systems
with Applications, 249, 123579.
https://doi.org/10.1016/j.eswa.2024.123579

Johnson, P. C., Laurell, C., Ots, M., & Sandstréom, C. (2022).
Digital innovation and the effects of artificial intelligence on firms’
research and development—automation or augmentation,
exploration or exploitation?. Technological Forecasting and Social
Change, 179, 121636.
https://doi.org/10.1016/j.techfore.2022.121636

Kuznetsov, O., Sernani, P., Romeo, L., Frontoni, E., & Mancini, A.
(2024). On the integration of artificial intelligence and blockchain
technology: a perspective about security. [EEE Access, 12,
3881-3897. https://doi.org/10.1109/ACCESS.2023.3349019
Labin, S., & Segal, U. (2021). Al-driven contract review: A product
development journey. In Research handbook on big data law
(pp. 454-466). Edward Elgar Publishing.
https://doi.org/10.4337/9781788972826.00029

Manimuthu, A., Venkatesh, V. G., Shi, Y., Sreedharan, V. R., &
Koh, S. L. (2022). Design and development of automobile assembly
model using federated artificial intelligence with smart
contract. International Journal of Production Research, 60(1),
111-135. https://doi.org/10.1080/00207543.2021.1988750
Martinelli, S. (2023). Al as a tool to manage contracts consequences
and challenges in applying legal tech to contracts management.
European Review of Private Law, 31(2/3).
https://doi.org/10.54648/erpl2023016

McNamara, A. J., & Sepasgozar, S. M. (2020). Developing a
theoretical framework for intelligent contract acceptance.
Construction innovation, 20(3), 421-445.
https://doi.org/10.1108/CI-07-2019-0061

Mehdiyev, N., & Fettke, P. (2021). Explainable artificial
intelligence for process mining: A general overview and application
of a novel local explanation approach for predictive process
monitoring. Interpretable artificial intelligence: A perspective of
granular computing, 1-28. https://doi.org/10.1007/978-3-030-
64949-4 1

Mik, E. (2022). Much ado about artificial intelligence or: the
automation of contract formation. International Journal of Law and
Information Technology, 30(4), 484-506.
https://doi.org/10.1093/ijlit/eaad004

Nassar, M., Salah, K., Ur Rehman, M. H., & Svetinovic, D. (2020).
Blockchain  for  explainable and trustworthy artificial
intelligence. Wiley Interdisciplinary Reviews: Data Mining and
Knowledge Discovery, 10(1), €1340.
https://doi.org/10.1002/widm.1340

1JISS Vol.16 No.2 April-June 2026



Al-Dahammsheh Mohammad Alian Mafleh, Zaher Hamed Issa Aldalain, Karimeh Jalal Abdul Bqoour, Ala Ibrahim Mutleq Alkaabneh,
Hammad Mohammad Hammad Alderawi

[21]

[22]

[23]

Parycek, P., Schmid, V., & Novak, A. S. (2024). Artificial
Intelligence (AI) and automation in administrative procedures:
Potentials, limitations, and framework conditions. Journal of the
Knowledge Economy, 15(2), 8390-8415.
https://doi.org/10.1007/s13132-023-01433-3

Poncibo, C. (2023). Artificial Intelligence as a Communication
Tool in Contract Law. European Review of Private Law, 31(2/3).
https://doi.org/10.54648/erpl2023012

Rane, N., Choudhary, S., & Rane, J. (2023). Blockchain and
Artificial Intelligence (AI) integration for revolutionizing security
and transparency in finance. Available at SSRN 4644253.
https://doi.org/10.2139/ss1.4644253

1JISS Vol.16 No.2 April-June 2026

646

[24]

[25]

[26]

Schwartz, A., & Watson, J. (2013). Conceptualizing contractual
interpretation. The Journal of Legal Studies,42(1), 1-34.
https://doi.org/10.1086/667765

Spring, M., Faulconbridge, J., & Sarwar, A. (2022). How
information technology automates and augments processes:
Insights from Artificial-Intelligence-based systems in professional
service operations. Journal of Operations Management, 68(6-7),
592-618. https://doi.org/10.1002/joom.1215

Trunk, A., Birkel, H., & Hartmann, E. (2020). On the current state
of combining human and artificial intelligence for strategic
organizational  decision making. Business  Research, 13(3),
875-919. ttps://doi.org/10.1007/s40685-020-00133-x



